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© SRR, ARG U LS TR 1 T4), X ae s Kl e TR (MaxSAT) .
o XA AT *yﬁ“ 1, sl T ;’*y%%%%‘ H R AR SO | SAT 4, Z%\ATSAT L ZEMIMaxSAT L2
. TNPHESE, Eﬁﬁﬁ FIRT Y REMEANREAS RIPRAE, a0 e] = AT ALK i Max S AT s B2 W 7T 7 A o
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o+ Partial MaxSAT[H] @, 2B &L KA AR FIMaxSAT 0] @1, 48 LT SAT A —R IMaxSAT R 52 H 78 Hi Z1| B V1 22 B SE W,
~ I\E—IJ )ﬁo
o JREBIE R I F ERIE KRR TTIE, FESATAI A ¢A¥ﬁEﬁMastTLHXME'ﬁﬁﬁJZIJJ
o SR, XT—APartlal MaxSAT o] /i, i H ARk~ 1"3, Ja B R B E VA vt AHMESL, H19954F-Bart Selman i X 2
fﬁ J\ﬂ%’ 1§/7 FL Ei /‘\E&L’ /X ﬁfﬁi‘;ﬁ%’ =~ B XTTL—*EELE' EI/J/J\PE‘/W”LJ_I%H_I%XTL_IT ﬁiﬁo
o PRER IS AT Y OR iR Partial MaxSAT R 8 2 B 2
o«  DUER: SR HHTTVEAEIS Partial MaxSAT Ja #5482 07 [ 208K 56— R, RIS L1042 5 L 0 o B Tl ]
EZOHr Algorithm 1: Dist.
*Eﬁ% Input: PMS instance F, cutoff, parameters wp, £ and sp
5 Output: A feasible assignment o™ of F, or “no feasible assignment found”
- U\HU%?L 'f%il:i$DSAT/? %KTEH%\'??FHI_J*_;J[@, 18 ;@_L, 1 @ := randomly generated truth assignment;
SRR IR AR, T A 2 725 ff — 2 cost* = +00;
/\ AN T 3 while elapsed time < cutoff do
Welghted MaxSAT 2, :—EELJ'TZI?@&FO 4 if A falsified hard dauses & cost(a) = cost* then
o 5 L a* = cost® :=cost{w):
| ﬁéﬂ]:ﬁﬁ; itﬂ/é\f‘ilﬁ/\jjﬂ/;SAT/\f‘-F#/\ b if H:= {x|hscore(x) = 0} &= ¥ then
MaXSAT/\:—CE 111 AXR{ZIK%;L;J'Q’ _I— /ﬁz M /|\¥;%‘ 7 H' := {variables chosen from H via samples with replacement};
V2 EI/JQFL 8 v := the variable with the greatest hscore in H’
9 else if 5 := {x|hscore(x =0 & sscore(x )= 0} = ¢ then
| 1'2[1 10 L v := a variable in 5 with the greatest sscore, breaking ties randomly;
11 else
. T;Eétjhard scoring function Flsoft scoring function. 12 update weights of hard clauses according to HPAWS:;
13 if 3 falsified hard clauses then ¢ := a random falsified hard clause;
- L . 14 else ¢ := a random falsified soft clause:
* !ETXULSAT?Q}:EEK : Z‘]Eﬁj][ﬁﬂﬁiﬂio 15 if with probability wp then v := a random variable in c;
16 else v := a variable in ¢ with the greatest sscore;
. ’5?“*0\% s i 1) ST R BRI A 17 | @:=a with v flipped:
EE NI 18 if cost™ < #({soft clauses) then return (cost™, a™);
19 else return “no feasible assignment found”;
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