WG @A g RRHMENERRL 2018
- ISCAS IRy
T 298 BB 1 R T 2 B AR 0 R AT

Email: {cultyanlingl3, jbh, zhangfusangl0}@otcalx.iscas.ac.cn

Motivation
O Real-time highway traffic conditions can be used for vehicle navigation and -~

administration support of traffic guidance |
O With the aid of wireless networks and various sensors, different sensory data can be - —T—

obtained and used for detecting traffic conditions

O Inspired by the characteristics of data from different sources, we present data fusion
approaches to detect vehicle speeds and traffic volumes on highways in real time

The Proposed Approaches

Vehicle speed detection (Megrez)

[J A concrete function Is proposed to get the first-cut estimates of vehicle speeds S [ ——
O Missing vehicle speeds at certain road segments are completed using compressive sensing  _oe. 00
[ Vehicle speeds are finally rectified by incorporating the characteristics of traffic flows S, 2O
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Traffic volume estimation (Polaris)

[ A signaling trajectory Is matched with road segments by an edit distance based method

[0 MLR models are constructed by analyzing the relationships between the signaling volumes on different road segments
[ An optimization goal of traffic volume estimation Is established in the light of compressive sensing
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