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Table 2: Results on Oxford Dataset,

Methods API%
MS-RFCN (Le et al. 2017) 75.1
Multiple proposals (Mittal, Zisserman, and Torr 2001) 482
Multi-scale CNN (Yan et al. 20017) 584
Onurs (VGG 16+UF) 68.7
Ours (VGG 16+UF+Multi-Scale Loss) 718
Ours (VGG 16+CWF+Multi-Scale Loss) 78.0
Ours (ResNetSi+LUF) 782
Ours (ResNetS0+UF+Multi-Scale Loss) 786
Ours (ResNetS0+CWFsMulti-Scale Loss) s0.4]
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