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Introduction

® Code summarization models require large-scale and high-quality training datasets. To that end,
multiple benchmark datasets for code summarization tasks have been constructed. Although these
datasets are expected to be of good gquality, noise is inevitable due to the differences in coding
conventions and assumptions employed in modern programming languages and IDEs.

® To Investigate the aforementioned concerns of data quality for code summarization, we conduct a
systematic study to assess and improve the quality of four widely-used benchmark datasets.
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Finding 2: Removing noisy data from the training set in the N J y
significant model perfomance improvement.

four datasets has a positive influence on the performance of
the models (improving BLEU-4 by 21%-27%).
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