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I Background

» Senior or highly skilled reviewers
Inspect source code and provide
review comments in software
development.

* |t summarizes the knowledge of code
and leads to gquality improvement.

* The usefulness remains uncertain. .; ! ,
* Time-consuming and heavy human : b K
"\ Code Changes:
eﬁo rt . Y package org.apache.skywalking.oap.server.core.analysis.metrics; ...
' public interface HavingDefaultValue { ... default boolean haveDefault() { return false; ...
o _
eview Comments.
I A p p rO aC h " A U G E R It seems all implements return true. What's the scenario this has to return false?

» Data: 79344 review activities from 19516 Java PRs in Github.

* Review Line Tags: highlight review lines with a special token.

» Cross Pre-training: conduct a representation between code and comments.
« Comments Generation: generate review comments for code blocks.

C. Cross Pre-training (3.4)

. N / T5*: Pre-trained ross Encoder
T5-java-based Prefix: "Ouitput review comments
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A. Data Preparation (3.2) commen ts
B. Review Lines Tagging (3.3) D. Comments Generation (3.5) _ i
E.Application (3.6)
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 AUGER outperforms all
baselines on five metrics when 1

generating review comments. . oo
 RQ2: Train Further
o In th e fram ework’ every Methods ROUGE-L Perfect Prediction
T5 base 22.01% 3.95%
component counts for the overall TS java 22.41% 4.14%

" AUGER -<review tag> 21.47% 3.31%
aChIevement and SuppOrtS AUGER -pretrainini 22.91% 3.95%
AUGER to train further. AUGER" 23.93% 4.047.

AUGER 22.97% 4.32%
° RQ3 UserIneSS Userful B Somewhat Useful Non-useful
 AUGER can generate review AUGER -
comments as useful as manual
ones. luman - | | | |
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